The protocol aims to evaluate whether the AI-CAD performance is non-inferior to that of a breast
radiologist under varying circumstances. These circumstances include changes in acquisition or
post-processing of the mammograms, since research has shown that these can affect the
performance of an Al-CAD model [5, ©].
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 How to validate Artificial Intelligence Computer Aided Detection (Al-CAD) performance when
used as an independent second reader.

 How to validate AI-CAD robustness when image characteristics vary across post-processing
pipelines and acquisition differences.

State-of-the-art AI-CAD models for breast cancer detection in mammography show comparable
or superior performance to radiologists [1, 2, 3]. Many European institutions are implementing or
planning to implement Al-CAD, yet practical validation guidelines remain limited [4]. In this poster
we describe the development of a validation protocol for AI-CAD used as an independent second
reader with arbitration for the Dutch Breast Cancer Screening Program. Other forms of
implementation might require different methods or limiting values.

Al-CAD models must be externally validated for both performance and robustness before
implementation. The LRCB validation protocol addresses this using historical cohorts, acquisition
and post-processing simulations, and patient-based physical phantoms.
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